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equal to the inverted Pareto coefficient = /( − 1). The share of the top 100×(1 − )% (for instance, the share of the top 10 percent, which corresponds to = 0.9) is then an increasing function of , equal to (1 −   ) 4/5 , so that may be viewed as a concentration indicator.
In practice, the Pareto model never holds exactly, not even at the top. Indeed, it imposes the tight constraint that inequality is the same within all top income groups: the full distribution is the same (up to a scaling factor)
as the distribution within the top 10 percent, 1 percent or 0.1 percent, which is not necessarily the case. This property is occasionally refered to as the "fractal" nature of inequality. To relax this constraint, Blanchet, Fournier and Piketty (2017) formalize a "local" concept of Pareto coefficient ( ) defined as the ratio between the average income or wealth above rank , and the -th quantile. It can be written:
where is the quantile function. For a strict
Pareto law, ( ) is constant, but otherwise, it will vary. We call the curve ↦ ( ) the "generalized Pareto curve". It characterizes the distribution (up to a constant) in a manner that emphasizes the way inequality evolves when we look further up the distribution. At the limit, = 1 defines a situation where all individuals above rank have the same income or wealth, so that there is no inequality above . A higher corresponds to higher levels of inequality.
Hence, a nonconstant indicates deviations from the "fractal" nature of inequality: when it is increasing with , it means that income is getting more concentrated the further we move up in the income distribution, so that, say, the share of the 0.1 percent within the top 1 percent is higher than the share of the 1 percent within the top 10 percent. Because it always leads to a well-defined probability distribution, it is also easier to use generalized Pareto interpolation in conjunction with other statistical methods.
B. Applications

II. Stylized facts about Pareto curves
What may 
A. Analyzing top income shares using beta and gamma coefficients
In Equation (1) 
III. Conclusion
In this paper, we have explained and shown the usefulness of generalized Pareto curves to characterize, visualize and estimate distributions of income or wealth. We have also presented the interest of interpreting the inverted Pareto coefficients. We hope the interpolation method presented in this article will help future researches to improve our understanding of the dynamics of inequality.
